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Ephemeral Experiences, Long Lived Impact : Disasters and

Portfolio Choice

Abstract

We investigate whether individual experiences of natural disasters affect portfolio
choice. Using data from the National Longitudinal Survey of Youth 1979 Cohort, we
show that past disaster experiences which are fleeting and last less than five days on
average, have an economically significant effect lowering an individual’s risky asset
market participation, and the share of risky assets in the portfolio. Results control for
age, year effects and household demographics and most recent disasters trigger stronger
effects. These effects are observed mainly for exposure to severe natural disasters and
persist even after the individual relocates to a new geographic area, not vulnerable to
disasters. Individuals who live in a disaster prone area do not display this behavior
unless they experience a disaster first hand. We find that individuals become risk
averse and have lower expectation of future returns (but not volatility of returns) after
disaster experiences. A quantitative decomposition of the disaster effect on portfolio
choice shows that 45% of the effect is due to change in expectations and 55% of the
effect is due to changes in risk aversion. Our results are consistent with a view that
even transient but salient life experiences can affect an individual’s preferences and

tastes in dynamically meaningful ways.
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Ephemeral Experiences, Long Lived Impact : Disasters and
Portfolio Choice

Economic models routinely assume individuals whose preferences are unaltered by their
economic experiences and their beliefs shaped by rational expectations. The psychology
literature on the other hand argues that personal experiences in addition to statistical infor-
mation or education exert a great influence over preferences and beliefs. Motivated by this,

a burgeoning literatureEl documents that individuals’ economic experiences such as Great

Depression affect their future financial decisions. Malmendier and Nagel (2011]) shows that

investors’ past stock and bond market lifetime experiences (such as low returns) during larger
shocks such as the Great Depression or over long periods of time (Decades of 50’s and 60’s
vs. the 70’s and 80's) affect their future risk taking. Another branch of literaturd?] exam-
ines the relation between non economic experiences and financial decisions. Non economic
experiences may have an economic consequences but are not directly related to financial

variables, for instance, natural disasters or military experiences.

We examine and show empirically, that investors’ personal experiences in natural dis-
asters that are transient (exposure with a median duration of 5 daysﬁ) nevertheless have a
long lasting future impact on their portfolio choices. Individuals take lower financial risk
by participating less in the bond and stock markets and invest a smaller fraction of their

wealth in these assets. This behavior persists even after individuals have moved to a new

!See [Malmendier and Nagel (2011), Malmendier and Nagel (2013)), Malmendier, Tate, and Yan| (2011)),
Knpfer, Rantapuska, and Sarvimki (2014)), Benartzi (2001), |Choi et al. (2009), |Anagol, Balasubramaniam,|
and Ramadorail (2015)), and |[Kaustia and Knupfer| (2008)

2See (Cameron and Shah| (2013)), Bernile, Bhagwat, and Raul (2014), Malmendier, Tate, and Yan| (2011),
|Callen et al.| (2014), Hirshleifer and Shumway (2003) and Kamstra, Kramer, and Levi (2000)

“See the lower part of Panel B in Figure |1




geographical area that is low disaster prone (based on past data) and have had a chance
of revising their beliefs (e.g. A person exposed to hurricanes in Florida moving to Arizona,
where such a future disaster is unlikely to occur). This result suggests that these effects are
likely driven by endogenous preference formation (transient natural disasters make individ-
uals more risk averse or lead to changes in tastes for different types of assets). Investors
living in disaster prone areas not subject to an actual disaster invest in risky asset markets
at a far higher rate than their counterparts in the same geography who actually experienced
a natural disaster. This implies individual preferences on assets are likely affected by actual

disaster experiences and not just through education or statistical data.

The literature has shown that salient long lived macro economic shocks such as the Great
Depression and stock market return shocks affect financial decision making (Malmendier and
Nagel, 2011)). Individuals are most affected by early childhood life exposure to shocks (Jr}
1999). If these shocks are to economic objects such as inflation, then these individuals differ
systematically in their beliefs of these economic objects shaped by their experiences. Thus
experiences affect future beliefs (Malmendier and Nagel, |2013]). The contribution of this
paper is to show that (1) given even non economic life experiences, even if they are fleeting
in nature and occurring in one’s adulthood can have long lasting effects on economic choices
(2) life experiences can also affect ones preferences and tastes in a dynamic manner, com-
plementing the effect of experiences on future beliefs. The latter effect is consistent with
evidence that fearful recollections of individuals exposed to violence in Afghanistan triggers
changes in risk and certainty preferences (Callen et al., 2014). We further contribute to the
literature by showing that (1) Changes in risk aversion of individuals are affected by changes
in their disaster experiences and (2) Individual expectations of future stock market returns

(but not volatility) are affected by their disaster experiences. These results show that both



expectations about future returns as well as risk aversion are affected by disasters which then
affect portfolio choice. Our final contribution is a numerical assessment using these results to
show that 45% of the changes in portfolio can be attributed to revised expectations and 55%

of the changes can be attributed to changes in risk aversion following disaster experiences.

The standard model of time-varying risk aversion (and hence time varying discount rates)
is the habit specification of Campbell and Cochrane, (1999)). In their model, when a person’s
consumption approaches her habit, her risk aversion rises. Using aggregate consumption
data, |(Campbell and Cochrane, (1999) find that their implied risk aversion measure can ex-
plain a large proportion of the movements in the price-dividend ratio on the stock market.

Thus changes in preferences are central in this model.

On the other hand, the Long Run Risks model (LRR) of Bansal and Yaron| (2004), a
small but persistent component of consumption growth captures its long run risk along with
the long run fluctuations in consumption volatility. Using these two features, LRR can
match the risk-free rate, equity premium, predictability and other important asset market
data features. Thus LRR emphasizes the long run cash flow risk channel, which depends on

expectations of the agent about the future.

In this paper, by attempting to decompose quantitatively the relative importance of ex-
pectations about future returns (which emphasizes cash flow risk of LRR) as well as risk
aversion (which emphasizes the discount rate risk of habit model) in a portfolio choice set-
ting, we can offer an assessment of the the relative importance of the two canonical models

in asset pricing.



We use detailed micro panel data contained in the National Longitudinal Survey of Youth
1979 cohort (NLSY79) for our estimation, and construct measures for their participation in
the risky asset markets and the intensity of their participation. Natural disasters are obtained
from the Federal Emergency Management Agency (FEMA) Disaster Declarations database.
Our identification strategy exploits cross sectional differences of individuals exposed to nat-
ural disasters and relate it to the cross sectional differences in financial decisions. We also
exploit time variation in cross sectional differences of individuals’ exposure to disasters to
examine if portfolio choice decisions are long lived. Cross sectional heterogeneity enables the
estimation with time fixed effects to remove time trends, time varying aggregate risk aver-
sion or other time specific determinants such as delayed portfolio rebalancing. This enables
a clear separation of lifetime disaster experience effect and rules out omitted macro factors.
Age effect controls rule out life cycle effect explanations such as increased risk aversion or
retirement considerations. Wealth and income controls address the possibility of disaster

shocks affecting portfolio choice through these channels.

Our estimation results show that past disaster experiences have an economically signifi-
cant effect on an individuals risky asset market participation, and the share of risky assets
in the portfolio. Moving from the 5th to the 95th percentile of disaster experiences produces
a decline in the participation rate of 2.5% (compared with the average participation rate
of 38.7%), correspondingly the usage rate of safe assets increases by 0.4% (average usage
rate of 74.0%). The risky asset share falls by 3.0% (against an average share of 32.2%).
Following Malmendier and Nagel (2011), we also estimate a weighting function parameter
A to be 2.478 (remarkably similar to their A of 1.924 estimated from a completely different
data set on stock market return experience) suggesting more recent disaster experiences are

weighted more heavily in portfolio choice decisions.



Finally, we show a decline in asset market participation and risky asset share only after
a disaster is experienced by an individual. Remarkably, this decline persists even after the
individual moves to a now/low disaster geographic area. Individual movers with no disaster
experience (while they were residing in a high disaster area) show none of these effects during

their lifetimes.

Our paper complements (Cameron and Shah| (2013)) who use experiments in rural Indone-
sia to show increased risk aversion after a flood or an earthquake which is consistent with
our real life, survey data results. While Cameron and Shah (2013) attribute the results
to changes in beliefs of background risk, we provide evidence consistent with a change in
preferences channel. Bernile, Bhagwat, and Rau| (2014)) find early childhood experiences
of CEOs affect corporate financial policies, which follows earlier studies on heterogeneity
in CEO experiences affecting corporate policies by Malmendier and Tate (2005) and Mal-
mendier, Tate, and Yan| (2011]). Our results are also consistent with [Knpfer, Rantapuska,
and Sarvimki| (2014), who show that adverse labor market experiences during the Finnish
depression leads workers to invest less in risky assets by about 3% even after a decade has

passed by.

1 Data and Main Variable

The key variables for our analysis are risky asset market participation and risky asset
share of the total portfolio as dependent variables. These household micro data are sourced
from the NLSY79, a nationally representative sample of 12,686 young men and women be-

tween 14 to 22 years of age when first interviewed in 1979. The respondents were interviewed



annually through 1994 and every 2 years after 1994, with retention rates higher than 90%

after 19 rounds of interviews.

We use the data from 1988 to 2008 since the NLSY 79 began to collect information on
financial assets from 1988. In defining risky and safe assets, we follow |Angerer and Lam
(2009): risky assets consist of common stocks, preferred stocks, stock options, government
and corporate bonds and mutual funds where as safe assets include checking and saving
accounts, money market funds, certificates of deposit, US saving bonds and personal loans.
Individual retirement accounts and tax deferred accounts are included in risky assets from
1994 (prior to 1994, the survey reported these with other safe assets and as a sum; hence,
we include them in safe asset@. The sum of risky and safe assets is defined as total liquid

wealth. Risky asset share is defined as the ratio of risky assets to total liquid wealth.

Table [1| presents summary statistics of variables used in our analysis. Most of the vari-
ables in this table exhibit large variations, notably non liquid financial assets and financial
assets. The average risky asset market participation rate is 39% while the average safe asset
market participation rate is almost three quarters. The average fraction of risky assets is
32%. Panel B separately shows summary statistics by each asset market participants. Mean
of all variables, except for Female indicator, are greater (or equal) for risky asset market

participants. Most risky asset market participants participates in safe asset market as well.

We obtain the confidential zip code data for the NLSY79 respondents from the Bureau
of Labor Statistics which will enable us to match households with the natural disaster data

from the FEMA, collected at the county level and described below.

4We obtain similar results using a sub-sample only after 1994.



The set of disaster events in U.S. that we use comes from the Federal Emergency Manage-
ment Agency (FEMA) Disaster Declarations database dating back to 1953. It documents a
variety of details for each declaration including declaration date, incident begin / end dates,
disaster type, incident type, and location (state-county). From 1953 through the end of 2013,
a total of 3,220 separate disasters were declared across the 50 states. The early portion of

the database (1953-1963) contains location information only at the state level.

Our identification strategy is to examine cross sectional variations in risk taking behav-
ior across households with different disaster experiences as in the literature. We also exploit
within household time variations in disaster exposure by both examining the effect of relo-
cation decisions on asset allocation decisions (Section and including household fixed

effects.

According to the FEMA disaster declaration process, a governor of each state asks the
FEMA to declare disasters so that the state can get the federal assistance. Once it is ap-
proved by the President, that disaster shows up in our data. Hence, there might be political
considerations of declaration process (Garrett and Sobel, 2003)). However, we classify house-
holds who were actually hit by disasters as ones with no disaster experiences, therefore, we
systematically underestimate the effect of disaster experiences on the portfolio choice deci-

sions.

There are three major categories of disaster aid programs: Individual Assistance, Public
Assistance, and Hazard Mitigation. The Individual Assistance includes disaster housing,

disaster grants, low-interest disaster loans, and etc. The Public Assistance (PA) Grant Pro-



gram provides affected areas with federal assistance so that communities can quickly recover
from disasters while the Hazard Mitigation (HM) Grant Program provides grants to states
and local governments to implement long-term hazard mitigation measures after a disas-
ter declaration. Among them, the PA and the HM programs provide data on the amount
granted by each program since August 1998 and January 1989, respectively. We use this data
as a proxy for disaster severity when we separate our main variable, Disaster Fxperiences

(defined below), into Severe and Non-severe Disaster Experiences.

Panel A in Figure [I] shows a heatmap of total number of disaster declarations took place
from May 1953 to December 2013 at state-county level. Darker color indicates more disasters
declared in that county. Table [1| presents a set of tables for disaster characteristics. Panel
B in this table shows 10 most disaster prone states (and state-county) in terms of three
different measures: total number of disaster declarations, sum of Hazard Mitigation amount,
and sum of Public Assistance amount. By number, Texas is the most disaster prone state,
followed by California and Oklahoma. By severity (sum of PA amount), Louisiana is the

most disaster prone state, followed by New York and Florida.

Our main variable is Disaster Experiences and we use three different measures: (i) lifetime
experience is a household’s cumulative number of disaster experience from household’s birthﬂ
up to current time, (ii) the most recent 5 year experience is a household’s cumulative number
of disaster experience during the most recent 5 years, and (iii) weighted number of experience
is a weighted average number of lifetime disaster experience from household’s birth up to
current time where weights are determined by how old the experiences are (details are in the

below). The upper part of Panel B in Figure [1| depict a histogram of cumulative number of

SExcluding disasters before age of 5 at which most people have their memories yield similar results.
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disasters experiences by households in the NLSY79 database. Mean is about 6.4 and median

is 5 disasters.

2 Methodology

2.1 Risk Taking Behavior and Disaster Experiences

Our first set of analysis is the decision to participate in the risky asset market using the
following logit model, with the participation decision as the dependent variable and the
independent variables including a vector of demographic variables, age fixed effects, and

year fixed effects. We cluster standard errors by householdﬂ

Pr(1yy, ,soy|wiy, Disaster Experiences; ;) (1)

= F(a + BDisaster Experiences;; + 7't;4)

where y;, is a fraction of liquid assets invested in risky assets, z;; is a vector of control
variables (log income, log income squared, number of children, number of children squared,
liquid assets, liquid assets squared, housing variables and dummies for completed high school
education, completed college education, marital status, race, gender, health status)[z], and F

is the logistic distribution. The coefficient of interest is § and we expect it to be negative.

6Clustering on two dimensions by household and county does not alter the significance of our estimated
coefficients.

7Additional control variable that is potentially important is private insurance, especially one related to
housing. Unfortunately, we do not observe homeowners insurance data in the NLSY79. One might expect
that the negative effect of disaster experiences on risk taking behavior becomes weak for those who have
private insurance. However, this conjecture is true only if housing or income channel drives our results. In
the following analysis, we rule out housing, income, and health status channels, thereby confirming that
insurance plays little role.
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The second set of analysis regresses the fraction of liquid assets that are invested in risky

assets on the same set of covariates
Yiy = a + BDisaster Experiences; ; +'wip + €y (2)

[t is possible that unobserved (but time invariant) heterogeneity across households may affect
decisions on both asset allocation and the location of residence which, in turn, determines

their disaster experiences. Hence, as a robustness test, we include household fixed effects in

Equation to address this problem (See Table .

We also use the following nonlinear regression model to formally estimate weighting

scheme of households in portfolio choice decision as in [Malmendier and Nagel (2011):

Yig = o+ BN;1(N) +9'zip + €3y (3)
age;t—1
Niy(\) = wir(k,\) - NUM_EXP; ;4
k=1
(agey — k)*

wit(ka )\) = ageis—
W (agei — k)

where y;; refers to the fraction of liquid assets invested in risky assets, x;, is a vector of
control variables, NUM_EX P;,_ is a total number of disaster experiences of household i at
year t — k, and NV; () is a weighted average number of disaster experiences where weights

are given by w(k, ). We estimate  and A simultaneously using nonlinear least squares.

8To control for possible fixed costs of risky asset market participation, we also run these regressions
conditioning on participation, that is, only for risky asset market participants. We obtain similar results.
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2.2 Expectations / Risk Preferences and Disaster Experiences

To examine whether disaster experiences change households’ risk preferences, we run the

following first difference logit regressions:

Pr<]l{A(Risk Aversion Measure)>0} |A-Ti,t7 ADisaster Experiencesi,t) (4)

= F(a+ BADisaster Experiences; , + 7' Ax;y)

where A(Risk Aversion Measure) indicates the first difference of disaster experiences, ei-
ther cumulative number of disasters or cumulative severity of disasters, and z;; includes
Aln(Income) and Aln(Income) Squared. The indicator variable is set to one if household’s
job related risk aversion measure increases and zero otherwise. Appendix describes how

we construct risk aversion measure in detail (based on Barsky et al.| (1997)).

Taking first differences is crucial for our risk aversion tests because unobservable and
time-invariant risk appetite might have impact on both our risk aversion measure and the
choice of residence that determine disaster experiences. By taking the first differences, we
cancel out the potential effect of this unobservable, time-invariant risk appetite. Effectively,

we examine the effect of changes in disaster experiences on changes in risk aversion measures.

Since the original risk aversion measure has four distinct categories ranging from 1 (least
risk averse) to 4 (most risk averse), changes in risk aversion measure has seven distinct cat-
egories from -3 (most decrease) to 3 (most increase). Hence, we alternatively run a ordered

logit regression of changes in risk aversion measure on the same set of covariates in Equation

M4l

13



Next we examine the effect of disaster experiences on expectations about stock market
over the next 12 months using the UBS/Gallup survey data. Details on the survey questions
are discussed in Appendix [A.2l We run the following OLS regression of expected stock
market return over the next 12 months on households’ disaster experiences and a set of

control variables:
B[R] = o + [ Disaster Experiences;; + 7'y (5)

where IE; ;[ R] indicates household i’s expectations on stock market return at time t and z;;
includes income categoriesﬂ dummies for completed high school education, completed college
education, marital status, race, and gender, age fixed effects, and year-month fixed effects.
Disaster Erperiences;, is either dummy variable or continuous variable where dummy is set
to one if households have at least one disaster experiences during the last one month before

the interview dates and zero otherwise. We predict 8 to be negative.

The UBS/Gallup survey also asks respondents about the expected stock market volatility
over the next 12 months. Since the response to the question has three distinct categories (see
Appendix for detail), we run the following logit regression to examine whether disaster

experiences affect households’ expectations on stock market volatility:

Pr(1{g, ,jo)=increase} | Tit, Disaster Experiences; ;) (6)

= F(a + BDisaster Experiences;; + 7';4)

where 1(E, ,[o]=Increase} 18 @ dummy variable set to one if respondent i expects increase in

9Since only available income variable in the UBS/Gallup survey is categorical, we use the middle point
of the range as our income variable.
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volatility over the next 12 months at time t and zero otherwise, and z;, is the same set of

control variables as in Equation [5]

3 Description of Results

3.1 Risk Taking Behavior and Disaster Experiences

Table [3] specification (1-3) describes the results of the logit regressions on risky asset
market participation. The coefficient on total number of lifetime disaster experiences is
strongly negative and significant in specification (1) suggesting lifetime disaster experiences
are associated with significantly lower likelihood of participation in the risky asset market.
The effect is statistically significant at the 1% level. Figure |2| suggests the economic signif-
icance is also large. As we move from the lowest disaster experience to the highest in the
data, participation rates fall from about 39.1% to 29.9% - a sizeable effect. A formal test of
the difference of the fitted probability of risky asset market participation between the 5th
and 95th percentile of the disaster experiences distribution is significant at the 1% level.

(Table |3 specification (1)).

Specifications (2) and (3) are robustness checks. In specification (2), we use the most
recent 5 year disaster experiences variable with a higher coefficient suggesting recent expe-
riences have a bigger effect. In specification (3), using dummy variables based on quartiles
of total number of lifetime disaster experiences reveals the effect to be present across the
distribution of disaster experience. The next three specifications repeat the first three using
Fama-MacBeth regression finding similar significant results, suggesting the effect is present

across time.
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In table [ we regress the participation in safe asset markets on disaster experiences.
Results show that recent 5 year history of disasters is associated with higher safe asset mar-
ket participation. We obtain similar results by stratifying total number of lifetime disaster
experience by quartiles. Table [5|shows that it really the severe disasters (measured by the
amount of assistance offered by the government) that produce the reduced risky asset market
participation. A formal test of the differences in coefficients between severe and non-severe
disaster experience is statistically significant (specification (2)). The coefficient on severe
disasters by itself is statistically significant while the coefficient on non-severe disasters is

not. No such differences are observed on the decision to participate in the safe asset market.

Table [6] shows the estimated effect of weighted number of disaster experiences on the
fraction of liquid assets invested in risky assets. The weighted average number of disasters
has a statistically significant negative effect on the percentage invested in risky assets. The
coefficient on weighted experiences is not directly comparable to that on cumulative number
of disaster experiences in specification (1) of Table [7a| because weighted experiences are not
a total number of disaster experiences, but an (weighted) average of total number of disaster
experiences. Marginal effect of one additional disaster at time ¢t — 1 for hypothetical 50-year-
old household is -0.4%, which lies between -0.2% and -0.5%, marginal effects in specification
(1) and (2) of Table [7a] This confirms that our estimate for X is reasonable and consistent
with our results from equally weighted disaster experiences. The point estimate for A\, 2.478,
suggests that weighting function is decreasing as the time lag k approaches age;; in and
convex (Figure [A2)), remarkably similar to that in [Malmendier and Nagel (2011)) that use a

completely different data set on stock market return experiences.
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Table [7a], [7h], and [7d repeat our analysis in Table and [5] with fraction of liquid as-
sets invested in risky assets. We find strong negative effects of disaster experiences on risky
asset shares and these effects are driven by the severe disasters. In specification (1) of Table
[Ta] significant negative coefficient on disaster experiences implies that if households are hit
by one additional disaster, a fraction decreases by 0.2%. The difference between two fitted
fractions at 95th and 5th percentile of the disaster experiences distribution is 3%, almost

10% decrease relative to the average fraction. We also confirm that recent experiences have

stronger effects (Table [Taf specification (2)).

Table |8al repeats the regressions of column (1) in Table |3| and column (1) in Table
using housing variables as additional control variables since the literature on portfolio deci-
sions argues that investment in housing plays an important role in the process of households’
financial decision (e.g., |Coccol, 2005, [Yao and Zhang, 2005)). The inclusion of housing vari-
ables addresses the concern that the main effect we find could be due to changes in housing
variables which might result from disaster shocks. As shown in column (1) and (4) of the
table, adding market value of residential property (MVRP) and mortgage and debt of resi-
dential property (MDRP) does not alter the effect of disaster experiences on both risky asset
market participation and the percentage invested in risky assets. The remaining columns
in Table [8a] use relative values of these variables to Net Wealth, a sum of risky assets, safe
assets, and net value of residential property in both linear and quadratic forms. None of
them change the effect. In addition, we repeat the regressions of column (1) in Table [3[ and
column (1) in Table [7a] only for households who do not own their houses. Those households
are less subject to changes in housing values which might be affected by disaster shocks. We
find significant negative effect of disaster experiences on households’ risk taking behavior

even for this subset of households (Table . Hence our findings are not driven by potential

17



changes in housing values due to disaster hits.

Strategic asset allocation models with non-tradable human wealth (stochastic labor in-
come) yield the optimal portfolio rule that also depends on the mean wealth-income ratio
and covariance between risky asset returns and labor income. Hence, changes in future in-
come stream due to disaster shocks might affect asset allocation decision, potentially driving
out a direct effect of disaster experiences on portfolio choice. Unfortunately, we do not
observe future income stream in the NLSY79 data. If disaster shocks damage households’
health, and as a result future income stream changes, the inclusion of health status variables
mitigates this future income channel. In Table , we include Health Limit Amount (Kind)
dummy variables indicating if households think that they are limited in the amount (kind)
of work they could do because of their health. These additional variables do not alter our

findings.

In addition to the aforementioned robustness tests, we do a placebo test, asking whether
the false variables affect households’ risky asset market participation. Figure plots a
density of BP suedo estimated coefficient on pseudo disaster experience variable, from Equation
. We randomly assign the whole history of disaster experiences during 11 survey years to
each household to construct pseudo disaster experience variable. We run Equation 1,000
times and save 474 The vertical red line indicates the actual 8 from column (1) in Table
, and p-value of the actual B is 0.000. Therefore, the negative effect of disaster experiences

on portfolio choice we find cannot be obtained from random chance.
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3.2 Which Channels? Expectations vs. Risk Preferences
3.2.1 Relocation Tests

In Table[9 we analyze the effect of disaster experiences on portfolio choices within the same
household. We divide the households into four groups: (1) Households that stay in disaster
prone counties during the sample (2) Households that stay in low disaster prone counties
during the sample (3) Households that move from disaster prone counties to low disaster
prone counties during the sample and (4) Households that move from low disaster prone
counties to disaster prone counties during the sample. Disaster prone (low disaster prone)
counties are defined as the areas that experience the number of natural disasters above (be-
low) the median value of the disaster distribution. For the mover households from disaster
prone areas to low disaster prone areas, we examine their portfolio choice behavior (i) before
the move and before experiencing a natural disaster (ii) before the move and after experi-
encing a natural disaster and (iii) after the move. Similarly, for the mover households from
low disaster prone areas to disaster prone areas, we examine their portfolio choice behavior
(i) before the move (ii) after the move and before experiencing a natural disaster and (iii)

after the move and after experiencing a natural disaster.

Specification (1) examines participation rates and specification (2) examines the weight
of the risky asset in the portfolio. Households in low disaster prone areas are more likely to
participate and invest more in the risky asset, relative to the households in the disaster prone
areas (the omitted group). Interestingly, the movers to low disaster prone areas behave very
differently during their stay in disaster prone areas. Before being hit with a natural disaster
shock, these households participate and invest much more in the risky asset which declines

sharply after experiencing their first disaster. This can be seen by comparing the significant
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coefficients 0.465 and 0.226 in the specification. Further, this participation coefficient de-
clines to -0.102 after the households have moved to a low disaster prone area and this decline
is significantly different from their behavior (the coefficient of 0.226 in the specification)
after personally experiencing a disaster in the disaster prone area. As an example, these
households could have moved from Florida (high disaster prone area reflecting the threat of
hurricanes) to Arizona (low disaster prone area in our sample). This result suggests that
natural disaster affect individual’s preferences and tastes for assets. This follows as these
households update their beliefs after their move and think that they are less likely to be hit
by natural shocks anymore. Further evidence of the experience effect on preferences can be
seen by the households in disaster prone areas having never experienced an actual disaster
participating at much higher rates than the rest of the sample who have already experienced

disasters.

The reverse effect can be seen by comparing the movers from low disaster prone areas to
disaster prone areas, who invest and participate at much higher rates before the move, but
fall to the general average of the households who live in disaster prone areas after experienc-

ing a natural disaster themselves.

To examine whether the effects we find from relocation tests are really long lived ones,
we further divide group Dyp + D,p — LD* in Table [J]into two subgroups: Dyp — Dap —
LD* [ST] and Dyp +— D,p +— LD* [LT] based on the duration of stay at LD, low disaster
prone area. Dyp +— D,p — LD* [ST] ([LT]) refers to households who moved to LD
and the time passed since the move is less (greater) than the median value of duration of
stay. ST indicates short term effects whereas LT refers to long term effects. In Table [A3]

the coefficient remain strong even after long time period, supporting risk preference channel.
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This is consistent with | Knpfer, Rantapuska, and Sarvimkil (2014)) where adverse labor market
experiences during the Finnish Depression have a long lived impact on households’ risk taking

behavior.

3.2.2 Risk Preferences and Disaster Experiences

In Table [0, we examine the impact of changes in disaster experiences on changes in risk
aversion. This approach cleanly controls for a host of variables and circumstances that are
specific to the individual that might affect their risk aversion. We obtain survey data on
an individual’s risk aversion at different points in time using the sources described in the
Appendix . In Panel A, we estimate logistic regressions (with the dependent variable
being an increase in risk aversion coded as a 1 and 0 otherwise) with the independent
variable measured as changes in number of disasters or changes in cumulative severity of
diasters. The results show that changes in disaster experiences are strongly significantly
related to changes in risk aversion. Moving from the 5th to the 95th percentile of changes in
disaster experiences increase the likelihood of being more risk averse by 6.5% points. These
results hold even after controlling for changes in income (both linear and non linear terms).
Panel B repeats the same analysis using an ordered logit framework, taking into account
the magnitude of the change in risk aversion. The results are qualitatively unchanged. The
results in this table strongly suggests that an individual’s risk aversion increases after having

faced a disaster, which can be a channel to affect portfolio choice decisions.

3.2.3 Expectations and Disaster Experiences

Table [T} presents the results of estimations that regress future expectations of stock market
return and volatility on the disaster experiences of individuals. We obtain survey data on

individual’s expectations of returns and volatility using the sources described in the Appendix
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. In Panel A (Panel B), we estimate OLS (logit) regressions with the dependent variable
being the estimate of the expected return over the next 12 months (or the expected increase
in stock market volatility over the next 12 months coded as a 1 and 0 otherwise). In all
estimations, disaster experiences are strongly negatively related to expected returns (and
unrelated to volatility), even after controlling for time effects and demographic variables.
The presence of a disaster experience lowers the estimate of next year’s expected return of
that individual by about 50 basis points. Thus disaster seem to affect expected returns,

which can be another channel to affect future portfolio choice decisions.

3.3 Decomposition

In Table 12, we attempt to decompose the relative impact of risk aversion and expectations
on portfolio choice decisions in our sample when an individual is faced with natural disas-
ters. We adopt the classic portfolio choice model where an investor with constant relative
risk aversion (CRRA) preferences maximizes her expected utility by optimally allocating her
wealth to risky and risk-free assets over one period. The model implies that the optimal frac-
tion («) of wealth invested in risky assets is proportional to the risk premium and inversely
proportional to the product of volatility (02) and relative risk aversion coefficient (y): o =
(risk premium) /(02 * 7). Keeping o constant (justified by results in Panel B in Table [11)),

we decompose changes in « into two parts as follows:

Aa & 1 [A(risk premium)

+ (risk premium)A (1” (7)

o? Y Y

We consider two different households with different disaster experiences: one is at the
95th percentile and the other is at the 5th percentile of disaster experiences distribution.

Scenario I uses all available return series till 2008 whereas Scenario II uses return data from
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1988 to 2008, the same sample period as for the NLSY79, when calculating parameter values

of risk premium and volatility.

A(rp) comes from our expectations test (specification (4) of Panel A in Table , and
ase, and agsy, are the fitted fractions at 5th and 95th percentile of disaster experiences distri-
bution, respectively (specification (1) of Table . Using the classic portfolio choice model,
we calculate model implied relative risk aversion coefficient for two different households, s,
and ~yos,. Consistent with our risk preferences test (Table , disaster experiences make

household more risk averse.

Final calculations reveal that contributions due to the expectations channel in explaining
portfolio choices is 45% and the balance 55% is explained by changes in risk aversion under

Scenario I.

4 Conclusion

We investigate whether individual experiences of natural disasters affect portfolio choice.
Using data from the National Longitudinal Survey of Youth 1979 Cohort, we show that
past disaster experiences which are fleeting and last less than five days on average, have an
economically significant effect lowering an individual’s risky asset market participation, and
the share of risky assets in the portfolio. Results control for age, year effects and household
demographics and most recent disasters trigger stronger effects. These effects are observed
mainly for exposure to severe natural disasters and persist even after the individual relocates
to a new geographic area, not vulnerable to disasters. Individuals who live in a disaster prone

area do not display this behavior unless they experience a disaster first hand. We find that
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individuals become risk averse and have lower expectation of future returns (but not volatility
of returns) after disaster experiences. A quantitative decomposition of the disaster effect on
portfolio choice shows that 45% of the effect is due to change in expectations and 55% of
the effect is due to changes in risk aversion. Our results are consistent with a view that
even transient but salient life experiences can affect an individual’s preferences and tastes in

dynamically meaningful ways.
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A Appendix

A.1 Risk Aversion Measure

The risk aversion measure we use in Table [L0] has four distinct categories ranging from 1
(least risk averse) to 4 (most risk averse). It is constructed from the following sequence of
three survey questions on the NLSY79 of 1993, 2002, 2004, and 2006: “Suppose that you
are the only income earner in the family, and you have a good job guaranteed to give you
your current (family) income every year for life. You are given the opportunity to take a
new and equally good job, with a 50-50 chance that it will double your (family) income and
a 50-50 chance that it will cut your (family) income (i) by a third, (ii) in half, and (iii) by
20 percent. Would you take the new job?”. If respondents accept the first offer (i), they
are given the second offer (ii) whereas if they reject the first offer (i), they face the third
offer (iii). Therefore, respondents who accept the second offer get risk aversion measure of
1; respondents who only accept the first offer have risk aversion measure of 2; respondents
who accept the third offer receive risk aversion measure of 3; and finally, respondents who

do not accept any offer get risk aversion measure of 4.

A.2 Expected Stock Market Return and Volatility Over the Next
12 Months

Households’ expectations about the stock market over the next 12 months (Table are
obtained from the UBS/Gallup survey through the Roper Center at the University of Con-
necticut. We work with the responses to the following two questions on stock return expec-
tations: (i) “Thinking about the stock market more generally, what overall rate of return

do you think the stock market will provide investors during the coming 12 months?” and
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(ii) “(INTERVIEWER: Do NOT ask; code only whether a 'positive’ or 'negative’ number.
If you are unsure whether the number is positive or negative, then ask the respondent. As a
general rule, you should ASSUME it to be POSITIVE, unless the respondent explicitly says
"Minus’; or in some other way indicates the number is NEGATIVE)”. The first question is
open ended question and coded as actual percent while the second question only indicates
the signs of answers to the first question (1 - Positive; 2 - Negative). Both questions are
available every month from January 2000 to April 2003. However, we drop 4 month data sets
from January 2003 to April 2003 since data set after January 2003 does not have state-level
residence information. We eliminate observations with expected stock returns higher than

75% or lower than -75%.

The survey also asks respondents about the expected stock market volatility over the
next 12 months using the following question: “Do you think the amount of volatility in the
marketplace during the next twelve months will increase, stay at the same level, or decrease
from what it has been during the last several months?”. The response to the question
has three distinct categories: 1 (Increase), 2 (Stay at the same level), and 3 (Decrease).
Expected stock market volatility dummy variable used in Panel B of Table [11]is set to one
if respondents expect increase in volatility and zero otherwise. The question is available
every month from May 1998 to December 2000, with the exception of 1998 where data are

available only in May, September, and November.
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Figure 2. Relation Between Participation Rate / Risky Asset Fraction and Number of
Disaster Experience

Risky Asset Market Participation Rates Fraction of Liquid Assets Invested in Risky Asset
Table 3, Specification (1) Table 7a, Specification (1)
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Left figure shows the relation between fitted risky asset market participation rates and cumulative number of disaster
experience from regression specification (1) in Table Right figure presents the relation between fitted fractions of
liquid assets invested in risky asset and cumulative number of disaster experience from regression specification (1) in
Table Shaded areas are 90% confidence interval. Observations are weighted by the NLSY79 sample weights. Range
of x-axis, cumulative number of disaster experience, is chosen by the minimum and maximum values of data.

32



*SOPISAI AJJUDLIND PIOTESNOY dI0M soj0uep Jdrusiodns Jo uoreso] oy ‘A[[euy eare auold I9)SesIp MO[ 0} POAOW 9YS
910Jo( [[& J' eousLIedXe I9)SeSIP OU pPRY PlOYesnoy jeyj sojedipul (7¢ 1duosqns ‘gore ouoxd I0)seSIp UL SOPISOIL 9YS O[IYM 199sesIp Aq 1Y A[ISIF Sem P[OYRSNOY
(1993e)01030q potrad owry 09 sivfer ((7D)(7q 1duodsqus ‘porrad ojdures o11jus I0j 90UO0 A[U0 AJUN0d-0)e)s ouoid I9gsesip 0y ouold I9)SesIp MO[ WO PAJRIO[AI
proyesnoy Ji (7 < (777 ‘potrad spdures aa1jus 10§ 90U0 A[U0 A3Unod 93e)s suord I9)sestp MO[ 09 duold I9)SesIp WO PajedIO[al PIOYSSNOY JI (777 (7 ‘Ajunoos-9jess
ouo1d I19)sesIp MO] Je surewal proyasnoy Ji (777 {(dnoi8 pejjmuo) Ayunod-oje)s ouold I9)sesIp Je SUIRIOL P[OYASNOY JI (7 :SMO[[O] Sk pauyep oIe sdnoidqns
‘O], "UOTINLIISIP S) JO ON[RA URIPIUWL 977 SPaodXd AJUnoo-o1e)s jey) ul 90v[d Y00} SI9YSLSIP JO IoqUINU [RJ0) JI oU0Id I9)SesIp ST AJUNnod-0je)s (AJunos-oye)s
ouoxd Ioisesip MO[ 10 £Junod-oje)s auold I9)SesIP IOYJI0 OJUI POZLIOFoJed ST AJUNoo-91els yoer -syysrom ojdwes 6L ASTIN 90Ul A pojySom oIe SUOIIRAISSq()
"S[RAIOIUT 9OUPYUOD ()G dIRIIPUL SOUI] PIaYse(] :sojewriso jurod o1e s1o(] _m_ a1qeT, ul (g) uoryeoyroads WOTSSEIZol WOIJ JosS® ANSLI UT POISOAUT sjasse PInbiy jo
suorjoety pajy sjuesald oInsy Jemory _m_ oqeT, ur (1) uoryeoymads uorsserdal ol sdnordqns Aq seyer uoryediorn.red joxIeur josse AYSLI PagIY smoys omsy oddn

uonoeid
se £ sz
| o | L =g —asg—an
[ o | - g —_ “a—an
C ® i —-*a—“%a-—_al
C ® I Fo,A1—®*a—*a
C ® i -al—"a-%*a
C L { ~al—*a—,%a
e —an
.|I —da
(2) uoneoypads ‘6 a|qeL
sdnoubgns AQ 19SSV AXSIY Ul pa1SaAnu| S18SsSYy pinbi jo uonoeuaH

orey uonedoiued

g 2y 4 il o8 ve

b O i . "a—“a-—an
k < i L aeq TEQQD —an
I @ y L 9 —9ig—_an
f ©® i a1 a—9a
[ @ | Fal—_ "a—*a
[ O | Fail—*a-—,"a

} O ! —an

_|I —a

(T) uoneosyoads ‘6 a|qeL
sdnoiBbgns Aq saley uonedidilued 193JeN 19SSV ASsiy

sdnoidqng Aq suorprodorq jessy ANsry] / sojey] uonedmorired pojg ¢ 9InSIq

33



0G68°¢€9 0G0 050 0 €10°0¢ 0G0 9%°0 0 arewIo|

¥8'€9 170 190 1 010°0¢ GH°0 €L0 1 porLiIe|y

088°€9 ze0 11°0 0 €10°0¢ 20 11°0 0 e

0S88°€9 €C0 90°0 0 €10°0¢ €z0 900 0 oruedsif

808°‘€9 9%°0 00 0 $00°0¢ 870 8¢°0 0 uoryeonpy 93970y pajerduro)

808°‘€9 €z0 G6°0 1 ¥00°0€ 810 1670 1 uoryeonpy [001G YSIH poje[duwo))

79¢°'19 02T 0¢'1 1 961°8¢ 1 o1 1 UAIP[IY) JO I_QUINN

97£°€9 0G0 870 0 91¢6¢ 920 €60 1 uorjedmonred JoxIRIN 19SSy ANSIY /ofes

06129 G80°0TL ST6°TIET 0% L €90°6¢ SCT'8T6 116602 GVE 36 S)OSSY [RIOURUL]

19929 $G6°0LS 06569 £€0°0¢ 195°6¢ 8L6°€C6°C GE9'z8 G0OT‘es 3OSy [enurRUL] PmbrT UON

97£°¢9 087 LLE STT'€9 L6¥%'8 91G'6¢ €T8'TLS SHP'9TT €O8°'1¢ sjossy pmbry

97£°€9 GTe'9se 8L6'CY 0 €10°0¢ Tv9°Srs 81688 P8LLT sjessy ANsry

0G8°€9 LI6F7L GTE'61 CIt'y 91G°6¢ G09°L6 £99°8¢ 3899 S198SY dFes

70629 760°G81 9179 17E 6T 6SL 68 960°9.1 GLG L. S0%'09 WIOdU

'SqO wnyN AT PIS URIN URTPIA 'SqO WnyN AT PIS eI\ URTPIA So[qeLIBA
sjuediorreJ JO3[IRN 19SSy 9Jeg squedior)reJ 193IRIN 19SSy ANSTY

squedidijred jedIe\ 19SSy afes / AMsiy :g [oued

SP8TeT 0S°0 670 1 0 0 ORI,

66886 670 09°0 1 1 0 porLLIeIy

S¥8CeT G0 ¥1°0 1 0 0 soerg

e GZ'0 200 0 0 0 oruedsrpy

6886 er0 ¥2°0 1 0 0 UOIpeINPY 989[[0) paje[duo))

6386 00 060 T T 0 uoryeINpy [001PG YSIH pojerduwo))

STT1'G6 Vo1 0’1 ¢ 1 0 URIP[IY) JO IdUINN

06%°99 6270 280 T 0 0 S30sSY ANSIY JO UOIPORI]

9826 70 720 1 1 0 uoryedione joqICIN oSSy ofes

0£0°86 670 680 1 0 0 uoryedorjre 35IBIN J0SSY ANSIY

890°G6 L60°€62°¢ LLT'L8 692°TLT TLG'8T 8LG- S1OSSY [RIOURUL]

TLG96 689°CES'E PG L€ 862891 L6281 G10‘C- sjossy [enuruL] pmbr UoN

78116 9¢F'CTE GTS' LY 121°96 GLe'e 0 sjossy prmbry

0£0°86 €LL'T6T 080'%¢ ¥G1°29 0 0 sjassy Aysry

9,826 990°29 1L¥'%1 LIT'62 699°1 0 Sjossy ofeg

79876 92L'€91 F16°GS G0E'66 jARSNaY 658°01 amIoduy

'sqQ NN A PIS URIIA 12d 1306 URIPIA 1d 1301 SO[(RLIBA

SPIOYSNOH MV 'V [oued

"'8003-8861 st pottad ajdures o1 T, ‘sjuediorred joxIewt josse (ajes) AYsuI Jo sejduresqns a1} I0J so1)sTIR)S Arewuuns sopiaold g [oured ‘o[euId) ST peay plotesnor
J1 9UO 07 108 SI 9[RUIQ,] PUR PALLIRUL ST Pedl] P[OYesnoY JI auo sfenbo porire]y “(spe[q) omredsT SI peat P[OYASNOY JI sojesipul (3oe[g) otuedsI[] UOIIRONDP
(9801100) T00Ts YSTY pojerdurod ser] pray PIOYsnOY Ji oUo s[enbo ey} o[qerres Aurunp e st uotyeonps (089[[0))) (000G YSIH pojerduro)) ‘sjoxIeur josse (ofes)
Aystr o1y ul segedorjred poyesnoy Jt ouo syenbe jey) o[qeLres Awrwmp e st uorpedipre oI 19SSy (9Jeg) ANSTY °S}oSSy [RIOURUL] ST §)osSY [eIoueur]
pmbry woN pue sjessy pmbrT Jo wng -sjosse ISYJ0 PUR ‘SO[OIYDOA ‘SISTLI} JUSUIISOAUT ‘sossoursnq Arejorrdord pue surrey ‘soryrodoid [RIJUSPISOI oIe S)oSSY
[eOURUL] PIMDIT UON 'S19SSY 9Jeg PuR $19sSY ASSTY JO WINS o) aIv $19sSYy PINbIT “FEET 2I0Jo( SpUNj [enjnu pue ‘spuo( 93e1odiod pur JUSTWUISA0S ‘suoljdo
}0018 ‘S¥D09s palIgjald ‘SYD01S UOTUWOD UTRIUOD §19SSY AYSIY FEET WOIJ SUILIRIS SJOSSY ANSTY UL POPNOUL IR SHUNOIIR PILISJOP-XR) PUR SJUNOIIR JUSUIDIIIOT
[enpIAIpU]  F66T o10Joq (s10130 pue ‘(q)eof ‘()T0F) SIUNOIOR POIIOJOP-XB] PUR SIUNOIDR JUSWLINAI [eNPIAIPUI pue ‘sueo] Teuosiod ‘spuoq Suiaes g
‘9150dop JO $91ROYIID ‘SPUN JONIRUW ASUOUI ‘SHUNOIDR SUIARS PUR JUIHDAUD JO ISISU0D 19SSy 9feG ‘sjustded orejfom Is([jo pue ‘omwodu] A)Lmosg ejuswaddng
‘sdure)s pooj ‘sjuowided ueIp[Iy)) Juopuedo( UM SoI[Ire 01 Pry ‘uoljesuodurod juotAojduoun ‘ouooul ssoulsng pue uirej ‘sdi} ‘solre[es ‘sodem ‘omIooul
ATe)I[IuI JO WNS 01} SB POJR[IO[RD ST owoou] ‘sjysom ojdures 6L ASTIN Ul A Pojydom oIe SUOIJeATssq() 'SIR[[OD GGG I0qUILa(] OJUI sejel uolyegul (N-1d)D)
SIOWNSUO) URQI() [[V I0J XopUJ 9Ll JOWNSUO)) oY} AQ Pojepop ole SI[(RLIRA PON[RA-IR[[OD [V 'SP[OYESNOY [[® I0J So1sije)s Arewrmuns sopraold y [pued

so1)s1ye)g Arewruing T o[qel,

34



019 puR ‘s9sso[ Jurysy ‘uooydA) ‘ULI0)S [RISROD 9pPN[OUL SIS,

66 1s1MO

QT axenbryyresy

1% ULI0)G 99] 91049

v gsnoI(

9¢T1 OpBUIOT,

GLT moug

€0¢ QUeILLIN]

GEL POold

€18 oIlq

1€8 (s)ur109G 910A0G
Aouonboig odA T, yuepmouy

sadAJ, yuapiou] Aq Aousnbaiq :H [oued

e RWOURPO | €63 vwRqRlY | G¢ RWOYRRO ‘UR[DOIN 0L OprIO[0) 01
96 sesuey| vee stoutq[ e pueldre]y ‘oroutireq L RURISINO] 6
6621 RIWIOJR)) 9¢e LINOSSITA Ge pue[AIR]N ‘o1owI)[RY 9/, OOIXOJN MON | 8
6LG°T Los1or MON | 9LF tddisstsstjy | 9¢ RIUIOJI[R)) ‘0391(] Ueg L eUrRqR[Y L
6191 ©MO] 19 BMOT 6€ RUWIOYRT( “BWOYRTHO 88 uojSurysep\ | 9
orv'e ddisstssyy | TTT°T BPLIO[] jai LINOSSTJ ‘SO "1§ 16 FIOK MON G
1.0V Sexa, 69T°T NI0X MON | TF LIMOSSI]\ ‘SO *3§ 8TT ePLIOT] v
671°G ©PLIOL] L89°T RIWIONTRD) | TP RIUIOJITR) ‘OPISIOARY vST RWORTO | €
6988 FIOK MON | TGL'T sexay, 97 RIUIOJI[R)) ‘ouIpIeuIag Ueg | G0F RIUIOJITRD) ¢
0EV'€T eURISIOT | 019°C RURISINOT | €G RIUIOJI[R]) ‘S9[e3Uy SO are SeXa, I
suor[Iuu § UL SUOI[[Iur § UL IoquInN 97e)g ‘Auno)) IoquInN 91§ yuey

junowre ydJ Jo wng junowre JNH Jo wing SI9)SeSI(T JO Ioquny [elo],

AjunoH-agelg / ayelg auoad Jajsesiq IsoJA 01 dog, :g [oued
986 €1°789°€T | 9T°LES'T | 92°60€C | 0909 S (suorfrur) junoury SUIpunf JURLY SOURISISSY O[N]

16T°C 61°668°C | S6'8ST | 89'CLT 97°0 000 (sworqrrur) qunoury 100fo1q werdord UOMeSHIN prezey

020'¢ jkaan! 00F7¢ 1291 00°S 00T (sfep) uoneang
'sqOwnN | Ao Pis | 12d qipe | uweopy | werpajy | 39d 301 So[qeLIRA

so19s17R)S ATRWUIUNG Y [ouUed

"SIRT[OP GG6T IoqUIadd(]

OUI SoYel Uolyeul (()-IJD) SIOWNSUO)) Uweqi() [V I0] XopuJ 9011 IOWNSUO)) 9} AQ PIJeop oIe SO[eLIeA PON[RA-TR[[OD [[ POPN[OUL dIom 91 JI SIR[[OP UOI[[I
€G'0SF JO Junowre N JO WNS [YIM [[1Q POy URI U9 9ARY P[NOM 00Ty 03IoNJ e} 910N €10 IOqUISAON 01 {661 ISNSNY WO SUNI junoure yJ Jo wns I0J
107} OIyM ¢T(g Toquerdeg 01 GRGT Arenue[ woay st junowre JNH Jo wns 10] porred ojdures ‘Ajrjiqelrear eiep pojtwil] 03 on( ‘€T0Z IoqUIddA( 01 £G6T ARIN
WOJJ SUNI SUOIRIR[IOP I9)SBSIP JO Ioquunu [ej0) 10} polred oidureg -sodAy jueprour Aq Aouenbaly 1ojsestp sjuosordar ) [pued -junowre yJ jo WnNs pur ‘junoure
JNH JO WS ‘SUOT)RIR[IIP I9ISBSIP JO I9QUINT [RJ0) :SOINSBIUI JUIISJIP 9911} U0 Pask( (AIUNos-aje)s 10 aje)s) seare auold 19gsesip jsowr )T doj smoys g [oued
"Q66T ISNSNY Ioje ATUO d[qe[leA® ST BIRD JUNOWY SUIpun juels) (yJ) 9ouriSISSY OINJ o) PuR GGT Alenue Ioye ATUO d[(R[IeAR SI vjep JUnoury 399(o1J
ure1301J (JNH) UOYeSIIIN PIeZR] oY) JRY) 9J0N "BIep YINH] O3 Ul SI0SesIp JO Ioquinu [e)o) ® ‘(gg‘e TR} SSO] ST UWIN[0D SB[ 1) Ul UMOYS SUOIJRAISSO
JO Ioquunu [e)0} © ‘SI9)SesIp JO sojep pue I0/pue jIe)s SUISSTUL 0} dN(] 'SIOISRSIP JO 9)ep PUS PUR 9)ep }Ie)S U0OMIO(] SOUSISHPIP Se POJR[NO[RD oI SIOISBSID

Jo suoryeIn(] ‘'¢10g IPqUIedd(] 0} €661 LN polrad o1} I0j 9seqeye(] SUOIJRIR[OI(] I199SeSI(] VINHA U} 9STL 9A\ "SOIISLIOJORIBYD I9)SeSIP OWOS SMOUS Y [oURJ
SOT)SLID)ORIRY ) I9)seSI(] g O[qel,

35



6970 697°0 697°0 1760 1760 1750 4 opnos / oderoay

80058861 80058861 80058861 80078861 80058861 80058861 polg ofdureg
eIT‘] CIT‘] cIT'] ¢9z‘68 ¢9z‘68 G9z‘68 'SqQ #
(69¢-) ,.,9100- (L) ,,.0100- (9L¢) ,.S00°0- "qo1d poyy om} usempdq “PI(
78¢°0 060 HA# Jo 10d ig ye qoxd pany -Say
gLe0 79¢°0 HA# jo 10d mic6 e "qoxd panyy ‘SAy
98¢0 0 = yO Awum( 18 "qoid payyy Say
0L£°0 I = pO dwum( e "qoxd poyy Say
SHA SHA SHA SHA SHA SHA SOIUIIN(] TBDX
SHA SHA SHA SHA SHA SHA sorurum(J 98y
(708°0) 6610  (208°0) 9610 (618°0) wio o (9s€°T-) L50°0- (€761 950°0-  (0€€'T-) 920°0- oetd,
(¢1ze)  ,8%0°0- (960c-)  ,2¢0'0-  (FPL2e)  ,,9900- (STeT-) 1900-  (992°1-) 620°0-  (91€°T-) 190°0- POLLIEI\
(676°1) Lero  (0902) JT0o  (9L6T) oero  (gece)  ,,Ter0 (L8927 .60  (199C) .. ¥T10 g
(vee) ,.eL10- (9pee) ,,.69T°0- (092°€-)  ,.LT°0- (680°¢”) . TLT0- (¥10°€) ,,,L9T0- (0€6'¢-) ,.29T1°0- oruedstpy
(tere) 100 (oere) . pI00 (or€) . vT00  (92¢%) ,,..8000  (gsse)  ,.8000  (I¥¢T)  ,.800°0 poarenbg (sjossy prubry)up
(eLe7¢e)  ,..8v90 (ooLge) ,.8%9°0 (065'¢e) .90 (o1e¥v1) ,.€e.0 (19e%1) .Fel0 (Seevl) ,.C0L0 (syessy pmbry)u
(¢gge) L1000 (v6v'c) 1080 (e8v'e) 8610  (062°9) ,,.F¥8¢0  (6¥8¢) ,,.88¢0  (¥&8¢C) ,,.98C0 a8ar[0p
(6e9¢) ,.16c0 (o6v€) . ¥8&0  (v09'€) . ¥6C0  (L86C) @800 (¢v8C) ,,.Pee0  (9v6@)  ,,.€6T0 [00US YSIH
(620°1-) 6000~ (980°T-) 100~ (L¥0°T-) 6000-  (g2S1-) ¥100- (L1917 ¢100-  (veg'1-) ¢10°0- parenbg weIp[Iy) #
(¢eoe) ,.e0r0 (ghLe) ,.9010 (g69€) .. ¥OTO (6L0€) 6110 (680€) . T¢10 (080€) . .6IT0 URIPIIYY) #
(129°1-) 9100~ (999'T-) 910°0-  (98¢'T-) 9100- (¥6'1-)  ,8000- (€F0T)  ,.8000- (P¥61-) 80070~ parenbg (swoouy)uy
(728°1) L8920 (098°1) JL2z0 (06L°T) 69z0 (119%) L0910 (grg@)  ,.L9T0  (88F'@) L. T9T°0 (owoduy)uy
(626%) .. 8610 (L9z¢-) ,,.861°0" pO Ay
(010°1-) ero0- (608°0-) 670°0- €O Awumqg
(¢86'¢-)  ,.€60°0- (e¥¥'1-) 2800~ g Awrum(y
(tov'e) ,.9€0°0- (00re) ,,.1€0°0- YAS HAH
(8L9°¢-) ,,.020°0" (2oL€) ,..080°0- HAIT HA#
SaL10399R)) snonurjuo)) snonurjuo)) SaL10399%)) sSnonuIyuo)) sSnonuIyuo))
(€) (¢) (1) (€) (¢) (1)
“dxgf swmepy dxy 14g “dx swryepIy “dxgf swreyry dxy 14g “dxy ewryeyry
UOISSOIZOY YIogoRN-RUIR] UO0TsSaI30Y 30T

“Aoa1100dsol1 ‘S[oAd] %01 pue ‘%G
‘04T O} 1B 90URIYIUSIS 9JRIIPUL 4 ‘yy ‘yyx SUOIIRAISSQO JO IOQUINU 9FRISAR 9JRIIPUL SUOISSOISAT [IogORIA-RWR] I0] "S(() # 'SUOISSaIZal (IogorI\-BWR]) 1130]
10] so19s19RYs (}) Z oTe sesorjuared U SIOqUINN 'SUOISSEIZ0I J1S0] Ul P[OYLSNOY A( PAId)SN[Dd oIk SIOLI® pIepuels§ ‘8007 O} 88T w0l suni potrad ordures o1,
"SUOISS9I301 3150 9} Ul Poasnh 9oUdLIDdXe I9)SesIp ,SPIOYOSNOY JO SoINseaul 9911} duwes o) uo uoryedorjred joyIewr 10sse ANSLI JO SUOISSIISAI I9ORIN-RWe]
opraoxd sumwmios 991y} 18] oY, ‘() = FO Awwn( Suryyes jsnl Aq pejenores st () = FO-Awwn(g je Aqiqeqord ofiym [ = O Awwn( pue ‘() = ¢ Awwn(
‘0 = ¢gO A Surnes Aq pajyemored st T = ) Awmn(g e A1rqeqold po1gy o8eIoAY so[qrLIeA 1030Ipald IS0 o) [[e JO Suorjezi[eal ojdures [enjoe WOI}
Ppogje[nores a1e senIiqeqord pej)y ofeloay ‘sIYSem ofdures ) A STN oY) Aq PoIYSom oIe SUOIJRAIdS(() POIFIWO ST [H) AN §-g{) Awwn(] 10 A[Ie[IWIS pue
uonNqLIISIp AT HAF JO o[puedtod [IGg oY) wey) SSo[ ST ployesnoy jo JATT HA#H J1 ouo sfenbo [ Ammun( :1eek Aoains A10Ad 10§ HATT HAH JO sofrrenb
Aq peuygep oIe -T{) AWWN(] "SIROA G JU8ddI 9} SULINP 9dULLIdAX I9)SRSIP JO IsqUINU [R}0) S,PIOYLSNOY ® ST YAG H(H# -owl} juarmd 03 dn soustreodxo

T2)SeSIP JO I9qUINU [e}0) S PIOYESNOY © ST JATT A # -oSeqeje(] SUONRIRI( 1)sesi(] VINHA oY) ost o\ ~(p-IO Awwunq pue “YAGHAH ‘HAIT AA#)
9ouslIodXo 19)SBSIP SPIOYASNOY JO SOINSLIW JUSISHIP 9211} uo uoryedronted joxreur jesse ANSLI Jo suolssoidol 3180[ jusserd o(qe) SIY} JO SUWN[OD 99IY) ISIL

uoryeddr)re g JosIRI 19SSy ANSIY *€ 9[qe],

36



Table 4. Safe Asset Market Participation

This table presents logit regressions of safe asset market participation on three different measures of households’
disaster experience (#DE_LIFE, #DE_5YR, and Dummy_Q1-4). We use the FEMA Disaster Declarations Database.
#DE_LIFE is a household’s total number of lifetime disaster experience up to current time. #DE_5YR is a household’s
total number of disaster experience during the recent 5 years. Dummy_Q1-4 are defined by quartiles of #DE_LIFE for
every survey year: Dummy_Q1 equals one if #DE_LIFE of household is less than the 25th percentile of #DE_LIFE
distribution and similarly for Dummy_Q2-4. Dummy_Q1 is omitted. Observations are weighted by the NLSY79
sample weights. Average fitted probabilities are calculated from actual sample realizations of all the other predictor
variables. Average fitted probability at Dummy_Q4 = 1 is calculated by setting Dummy_Q2 = 0, Dummy_Q3 = 0, and
Dummy_Q4 = 1 while probability at Dummy_Q4 = 0 is calculated by just setting Dummy_Q4 = 0. The sample period
runs from 1988 to 2008. Standard errors are clustered by household. Numbers in parentheses are z statistics. *** **,
* indicate significance at the 1%, 5%, and 10% levels, respectively.

Lifetime Exp. 5yr Exp. Lifetime Exp.
(1) (2) (3)
Continuous Continuous Categories
#DE_LIFE 0.001 (0.187)
#DE_5YR 0.036™  (2.060)
Dummy_Q2 0.066 (0.803)
Dummy_Q3 0.126 (1.546)
Dummy_Q4 0.025 (0.309)
In(Income) -0.061 (-0.792) -0.058  (-0.756)  -0.061 (-0.800)
In(Income) Squared 0.008" (1.699) 0.008" (1.646) 0.008" (1.709)
# Children -0.015 (-0.320)  -0.013 (-0.279)  -0.016 (-0.341)
# Children Squared 0.002 (0.231) 0.002 (0.216) 0.003 (0.237)
High School 0.265""  (3.118) 0265  (3.108) 02677 (3.141)
College 0468 (5.962) 0465 (5.924) 0.469""  (5.988)
In(Liquid Assets) 1.702""  (103.242) 1.703""  (103.115) 1.703"™"  (103.228)
In(Liquid Assets) Squared -0.0917"  (-62.647)  -0.0917""  (-62.548)  -0.091"""  (-62.643)
Hispanic -0.395""  (-5.650)  -0.411"""  (-5.863)  -0.383"""  (-5.445)
Black -0.625""  (-10.701)  -0.629""  (-10.751) -0.619"""  (-10.525)
Married 0.051 (0.789) 0.052 (0.816) 0.050 (0.785)
Female 0.224™"  (4.010) 0.222""  (3.958) 0.224™"  (4.007)
Age Dummies YES YES YES
Year Dummies YES YES YES
Avg. fitted prob. at Dummy_Q3 = 1 0.755
Avg. fitted prob. at Dummy_Q3 = 0 0.752
Avg. fitted prob. at 95th pct. of #DE 0.753 0.755
Avg. fitted prob. at 5th pct. of #DE 0.752 0.751
Diff. between two fitted prob. 0.001 (0.19) 0.004™  (2.07) 0.003" (1.77)
# Obs. 89,265 89,265 89,265
Sample Period 1988-2008 1988-2008 1988-2008
Pseudo R? 0.772 0.772 0.772
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Table 6. Fraction of Liquid Assets Invested in Risky Assets - Weighted Experiences

Model is estimated with nonlinear least squares. A refers to weighting parameter and S indicates a coeflicient on
weighted average number of lifetime disaster experiences. We use the FEMA Disaster Declarations Database. The
sample period runs from 1988 to 2008. Observations are weighted by the NLSY79 sample weights for corresponding
sample period. Numbers in parentheses are t statistics. *** ** * indicate significance at the 1%, 5%, and 10% levels,
respectively.

Weighted Experiences

EEX3

Experienced # of Disaster coefficient () -0.059 (-6.074)
Weighting parameter (\) 2478 (2.589)
In(Income) 0.050"  (11.182)
In(Income) Squared -0.003""  (-12.996)
# Children 0.022"  (9.071)
# Children Squared -0.004™"  (-5.748)
High School 0.007 (1.307)
College 0.007"  (2.494)
In(Liquid Assets) -0.004 (-1.575)
In(Liquid Assets) Squared 0.005""  (27.777)
Hispanic 0.001 (0.299)
Black 0.018™  (4.741)
Married -0.010™"  (-3.505)
Female -0.0117"  (-4.839)
Age Dummies YES

Year Dummies YES
Marginal effect of one additional disaster at time ¢ — 1 -0.004

for hypothetical 50-year-old household

# Obs. 62,553
Sample Period 1988-2008
Adjusted R? 0.481
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Table 8b. Risky Asset Market Participation / Fraction of Liquid Assets Invested in Risky

Asset - Households with No Home Ownership

This table repeats the regressions of column (1) in Table [3[ and column (1) in Table only for households who do
not own their own houses. First column of this table present logit regressions of risky asset market participation on
households’ disaster experiences, #DE_LIFE. #DE_LIFE is a household’s total number of lifetime disaster experiences
up to current time. We use the FEMA Disaster Declarations Database. The second column provide OLS regressions
of fraction of liquid assets invested in risky asset on households’ disaster experiences, #DE_LIFE. Observations are
weighted by the NLSY79 sample weights. The sample period runs from 1988 to 2008. Standard errors are clustered by
household. Numbers in parentheses are z statistics for logit regressions and t statistics for linear regressions. *** ** *
indicate significance at the 1%, 5%, and 10% levels, respectively.

Logit OLS
(1) (2)

#DE_LIFE -0.025""  (-3.074)  -0.002""  (-2.442)
In(Income) 0.133 (1.243)  0.033""  (2.981)
In(Income) Squared -0.005 (-0.720)  -0.002"""  (-3.352)
# Children 0.066 (1.129)  0.0217"  (3.257)
# Children Squared -0.004 (-0.264)  -0.004""  (-2.258)
High School 0.046 (0.394)  -0.019"  (-1.849)
College 0.316™"  (4.292)  0.003 (0.412)
In(Liquid Assets) 0.884™"  (13.102) -0.029"""  (-4.840)
In(Liquid Assets) Squared -0.006 (-1.418)  0.006™"  (13.329)
Hispanic -0.113 (-1.420) -0.001 (-0.099)
Black 0.203"  (3.241)  0.027""  (4.523)
Married -0.128"  (-1.922) -0.018""  (-2.835)
Female -0.030 (-0.477)  -0.001 (-0.244)
Age Dummies YES YES
Year Dummies YES YES
# Obs. 48,258 27,244
Sample Period 1988-2008 1988-2008
Pseudo / Adjusted R? 0.483 0.361
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Table 11. Expected Stock Market Return and Volatility Over the Next 12 Months

Tables present the effect of disaster experiences on expectations about stock market over the next 12 months. Panel
A shows OLS regression of expected stock market return over the next 12 months on households’ disaster experiences.
Expected stock market data are reported by individual respondents in the UBS/Gallup survey. Disaster experience
dummy is set to one if households have at least one disaster experience during the last one month before the interview
dates and zero otherwise. Panel B provides logit regressions of expected stock market volatility on households’ disaster
experiences. Expected stock market volatility dummy is set to one if respondents expect increase in volatility over the
next 12 months and zero otherwise. Both panels use demographic and income controls. Since only available income
variable in the UBS/Gallup survey is categorical, we use the middle point of the range as income. Observations are
weighted by the USB/Gallup survey sample weights. We use the FEMA Disaster Declarations Database. Standard
errors are robust to heteroskedasticity. Numbers in parentheses are z statistics. *** ** * indicate significance at the
1%, 5%, and 10% levels, respectively.

Panel A: Expected Stock Market Return Over the Next 12 Months

Dummy Continuous
(1) (2) (3) (4)
Dummy DE -0.006""  (-2.537)  -0.005""  (-2.243)
#DE -0.004™  (-2.549)  -0.003""  (-2.161)
High School -0.007 (-1.234) -0.007 (-1.221)
College -0.017"  (-8.097) -0.017""  (-8.087)
Hispanic 0.019"  (2.530) 0.019"  (2.555)
Black 0.048""  (6.718) 0.048™"  (6.723)
Female 0.019"  (9.506) 0.019""  (9.508)
Income -0.021 (-0.959) -0.021 (-0.952)
Age Dummies YES YES YES YES
Year-Month Dummies YES YES YES YES
# Obs. 27,896 26,365 27,896 26,365
Sample Period 2000-2002 2000-2002 2000-2002 2000-2002
Pseudo R? 0.072 0.095 0.072 0.095
Panel B: Expected Stock Market Volatility Over the Next 12 Months (Logit)
Dummy Continuous
(1) (2) (3) (4)
Dummy_DE -0.049 (-0.954)  -0.058  (-1.099)
#DE -0.008 (-0.221)  -0.015  (-0.390)
High School 0.018 (0.178) 0.018 (0.173)
College 0.112"  (2.478) 0.1117°  (2.470)
Hispanic -0.079 (-0.491) -0.082 (-0.505)
Black 0.036 (0.348) 0.035 (0.340)
Female -0.118""  (-2.836) -0.118™"  (-2.839)
Income -0.117 (-0.232) -0.121 (-0.240)
Age Dummies YES YES YES YES
Year-Month Dummies YES YES YES YES
# Obs. 20,310 19,040 20,310 19,040
Sample Period 1998-2000 1998-2000 1998-2000 1998-2000
Pseudo R? 0.018 0.021 0.018 0.021
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Figure A1l. Risky Asset Market Participation and Disaster Experiences : Placebo Test
Risky Asset Market Participation and Disaster Experiences: Placebo Test

10
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The figure is based on the following logit model:

Pr(lyy, >0y = iy, Disaster Experiences; ;) = F(a + pEseude Disaster Experiencesffe”do +9'@i) (8)

where y; ; is a fraction of liquid assets invested in risky assets by household i at year t, z; ; is a vector of control variables
for household i at year t, and F is the logistic distribution. Disaster Experiencesf tse“do is a household i’s cumulative
number of hypothetical disaster experience up to time t. We randomly assign the whole history of disaster experiences
during 11 survey years to each household. We run the above logit regression 1,000 times and save the BP seudo - Following
figure is a density plot of Pseudo  The vertical red line indicates the actual 3 obtained from the regression based on the
actual Disaster Experiences; ;. The green line shows kernel density. Observations are weighted by the NLSY79 sample
weights. The sample period runs from 1988 to 2008. Standard errors are clustered by household.

49



Figure A2. Weights on Number of Disaster Experiences for Different Values of A for a
50-year-old Household

Weights on Number of Disaster Experiences for Different Values of A for a 50—year—old Household Head
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The figure is based on the following weighting method as in [Malmendier and Nagel| (2011)):

(ageir — k))\
o agew — k)

Wit (k, )\) =

Y axis shows weights and X axis is the number of years before today. By changing the value of lambda, we can change
the shape of weights as a function of how old experiences are. X of 2.478 depicted in this figure (black dashed line) is
an actual estimate from nonlinear least squares (Equation .
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Table A2. Fraction of Liquid Assets Invested in Risky Assets - Household Fixed Effects

This table repeats the regressions of column (1) in Table|7 .by including household fixed effects. #DE_LIFE
is a household’s total number of lifetime disaster experiences up to current time. We use the FEMA
Disaster Declarations Database. Observations are weighted by the NLSY79 sample weights. Average
fitted fractions are calculated from actual sample realizations of all the other predictor variables. Since
we exploit within household time variations in disaster experiences given that the maximum number of
survey years within household is only 11, we restrict our sample to households with at least 6 years of
observations. The sample period runs from 1988 to 2008. Standard errors are clustered by household. Num-
bers in parentheses are t statistics. ***, ** * indicate significance at the 1%, 5%, and 10% levels, respectively.

Lifetime Experience

#DE_LIFE -0.002°  (-1.644)
In(Income) 0.019" (2.345)
In(Income) Squared -0.002"""  (-3.650)
# Children 0.018  (3.324)
# Children Squared -0.002°  (-1.740)
High School -0.037 (-1.623)
College -0.019 (-1.311)
In(Liquid Assets) 0.010" (1.689)
In(Liquid Assets) Squared 0.004™"  (11.861)
Marry -0.012°  (-1.998)
Age Dummies YES

Year Dummies YES
Household Dummies YES

Avg. fitted prob. at 95th pct. of #DE 0.312

Avg. fitted prob. at 5th pct. of #DE 0.336

Diff. between two fitted prob. -0.023" (-1.64)
# Obs. 51,141
Sample Period 1988-2008
Adjusted R? 0.526
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Table A3. Risk Taking Behavior by Subgroups - Really Long Lived Impact?

This table repeats the OLS regressions in Table [0 by further dividing subgroup Dyp + D,p + LD* into two
subgroups: DbD — DaD — LD* [ST] and DbD — DaD — LD* [LT] DbD — DaD — LD* [ST} ([LT]) refers
to households who moved to LD and the time passed since the move is less (greater) than the median value of
duration of stay distribution. We use the FEMA Disaster Declarations Database. Observations are weighted by
the NLSY79 sample weights. The sample period runs from 1988 to 2008. Standard errors are clustered by house-
hold. Numbers in parentheses are t statistics. *** ** * indicate significance at the 1%, 5%, and 10% levels, respectively.

OLS

(1) (2)
#DE_LIFE -0.002""  (-2.304)
LD 0.030""  (5.712) 0.025"  (4.525)
Djp + Dap + LD 0.042"  (3.390) 0.040™"  (3.228)
Dyp + Dip+— LD 0.024™  (1.980) 0.024" (1.951)
Dyp + Dup — LD*[ST)] -0.026°  (-1.661) -0.027"  (-1.701)
Dyp + Dap — LD*[LT)] -0.037"  (-1.923) -0.040""  (-2.089)
Dy — LD 0.102 (1.186)  0.094 (1.095)
Dyp — LD* 0.076 (1.359)  0.066 (1.198)
LD* + Dyp — D,p 0.0217"  (2.029) 0.018" (1.704)
LD+ Djp v+ Dup 0.014 (1.121)  0.011 (0.835)
LD s Djp v+ Dup -0.001 (-0.052)  -0.002 (-0.167)
Age Dummies YES YES
Year Dumimies YES YES
Controls YES YES
HO: [Dyp + D¥}, = LD] - [Dj}, + Dap + LD] = 0 0.018  (-1.25)  -0.016  (-1.14)

kokok kokok

HO: [Dyp + Dup = LD*[ST]] - [Dyp +— D+ LD] =0 -0.050 (-2.99) -0.051 (-3.01)
HO: [Dyp + Dup = LD*[LT]] - [Dyp +— D}p+> LD} =0 -0.061"" (-2.82) -0.064"  (-2.95)

# Obs. 57,970 57,970
Sample Period 1988-2008 1988-2008
Adjusted R? 0.484 0.484
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